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[7] J. A. Lee, D. H. Peluffo-Ordóñez, and M. Verleysen. Multi-scale similarities in stochastic
neighbour embedding: Reducing dimensionality while preserving both local and global
structure. Neurocomputing, 169:246–261, 2015.

[8] L. van der Maaten and G. Hinton. Visualizing data using t-SNE. Journal of Machine
Learning Research, 9(Nov):2579–2605, 2008.

[9] Z. Yang, J. Peltonen, and S. Kaski. Scalable Optimization of Neighbor Embedding for
Visualization. In ICML (2), pages 127–135, 2013.

[10] L. Van Der Maaten. Accelerating t-SNE using tree-based algorithms. Journal of Machine
Learning Research, 15(1):3221–3245, 2014.

[11] J. A. Lee and M. Verleysen. Quality assessment of dimensionality reduction: Rank-based
criteria. Neurocomputing, 72(7):1431–1443, 2009.

[12] S. A. Nene, S. K. Nayar, and H. Murase. Columbia object image library (COIL-20), 1996.

[13] Y. LeCun, L. Bottou, Y. Bengio, and P. Haffner. Gradient-based learning applied to
document recognition. Proceedings of the IEEE, 86(11):2278–2324, 1998.

[14] M. Lichman. UCI Machine Learning Repository. http://archive.ics.uci.edu/ml, 2013.
University of California, Irvine, School of Information and Computer Sciences.

[15] M. A. Little, P. E. McSharry, S. J. Roberts, D. A.E. Costello, and I. M. Moroz. Exploiting
nonlinear recurrence and fractal scaling properties for voice disorder detection. BioMedical
Engineering OnLine, 6(1):23, 2007.

[16] I-C. Yeh. Modeling slump flow of concrete using second-order regressions and artificial
neural networks. Cement and Concrete Composites, 29(6):474–480, 2007.

[17] D Gil, JL Girela, J De Juan, MJ Gomez-Torres, and M Johnsson. Predicting seminal qual-
ity with artificial intelligence methods. EXPERT SYST APPL, 39(16):12564–12573, 2012.

[18] R. Bhatt. Planning-Relax Dataset for Automatic Classification of EEG Signals’. UCI.

[19] PFB Silva, ARS Marcal, and RMA da Silva. Evaluation of features for leaf discrimination.
Lecture Notes in Computer Science, 7950:197–204, 2013. Springer.

[20] N. Abreu. Analise do perfil do cliente Recheio e desenvolvimento de um sistema promo-
cional. ISCTE-IUL, Lisbon, 2011. Mestrado em Marketing.

[21] O. Akbilgic, H. Bozdogan, and M. E. Balaban. A novel Hybrid RBF Neural Networks
model as a forecaster. Statistics and Computing, 24(3):365–375, 2014.

[22] HT Kahraman, S Sagiroglu, and I Colak. The development of intuitive knowledge classifier
and the modeling of domain dependent data. KNOWL-BASED SYST, 37:283–295, 2013.

[23] I-C. Yeh. Modeling of strength of high-performance concrete using artificial neural net-
works. Cement and Concrete research, 28(12):1797–1808, 1998.

[24] G. Zoutendijk. Methods of feasible directions: a study in linear and non-linear program-
ming. Elsevier, 1960.

ESANN 2018 proceedings, European Symposium on Artificial Neural Networks, Computational  Intelligence 
and Machine Learning.  Bruges (Belgium), 25-27 April 2018, i6doc.com publ., ISBN 978-287587047-6. 
Available from http://www.i6doc.com/en/.  

140




